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Large amount of back translation sentences
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(total of 12 million words)
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« Feature computation: 222 CPU hours
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Using the Intel Big Data cluster:
« Translation: 20 hours (20 nodes)
« Feature computation: 5 hours (50 nodes)

Challenge for large data situations:

* Long training times: hundreds of CPU
days)

* Large models: growing beyond 32GB
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Decoding and MERT

Translates one sentence at a time
Split up decoding into sub-processes,
Collect the output for MERT
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Solution:
« Parallelizing training and decoding
* Parallel word alignment
« Parallel parsing
« Parallel phrase pair extraction and
scoring
* Filtering of models per sentence

! Decoder
420 CPU-days
for parsing
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Remaining problems:

* |0 bottleneck while reading/writing
models on network FS

* Models in word alignment training are
often too large to fit into memory.

Parser could
crash!
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Filter the phrase table and language
models on a per-sentence basis,
beforehand.

- Each decoder instance loads
faster
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tolerance helps
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Sentences parsed independently Tuning time: 12.5 hrs —»70 mins

using 50 nodes.

SMT with Parallel Processing:

Split the corpus into chunks, parse We can now train more

several chunks in parallel on cluster

efficiently on much larger

Speedup not linear: Loading ol
training sets

models, MERT have significant
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