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Kunqu by Machine | Process kj
We try to generate a traditional Chinese Opera — Our group mainly use three generation methods to generate the whole project. We used Markov |
Kunqu by Machine Learning method. Our technique is Chain to genetate the story script. For the vision expresion part, we collected our multi-catagory
combined with the generation methods of text, video, paired dataset using Detectron[1], OpenPose|2], and we mainly used Pix2pix|[3] and Pix2pixHD[4]
and sound. to generate the appearance of performers. Also, we trained a calagraph transfer model to display

our generated script with traditional Chinese calagraph. We trained different model for each char-
actor and our environment and used those models to transfer the information map rendered by
3D sketches. For sound and music part, we collected music sheets of tunes to train a Recurrent
Neural Network (RNN) and used it to generate tunes. Then, we converted tunes to midi format
and imported them to Kontakt and Pro Tools to create multichannel Chinese style music. In addi-
tion, we used UTAU to generate voice on the pitch of tunes.
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singing all generated using machine learning tech-
niques. Our work is an attempt to explore the relation-
ship between Machine Learning and traditional art
forms, and through this mixture the emergence of
novel and exciting contemporary elements in art.

Results

We created an audio-visual experience featuring a performance of Kunqu Opera hallucinated by
the computer and an actual woodblock-printed script book. Through the understanding and re-in-
terpretation of existing literature and sound materials, our algorithm is able to generate convinc-
ing music and lyrics conforming to Qupai, melodic rulesets of Chinese opera, as well as artistically
expressive facial and bodily motions from the traditional art form. There’s still room for improve-
ment of generating nutural performer’s voice and interpreting the realtion between motion and
script. Obviously, drama is not only comprehensive but also very complicated art form which is
not easy for machine to learn and mimic.
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